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Abstract  

The advancement of artificial intelligence (AI) has become an essential platform for 
educational institutions, learners, and countless stakeholders.  The use of AI enhances learning 
and improves academic achievement. Thus, the purpose of this study is to investigate the impact 
of learners’ AI perception and AI motivation on the academic performance of learners using 
empirical data from Kathmandu, Nepal.  

This study used descriptive, causal-relational research with a deductive approach to reflect 
the general characteristics of respondents, assess the association between variables, and 
investigate the influence of predictors on response variables while testing the formulated research 
hypotheses. Further, this study used primary sources of data gathered from undergraduate 
students.  In addition, cross-sectional data were collected for analysis.  The convenience sampling 
strategy was used in this study.   

A structured questionnaire of 319 was delivered to the intended respondents, and only 182 
(57.05%) were usable. The study employed statistical tools, including Cronbach’s alpha for 

reliability assessment, descriptive statistics such as frequency, percentage, mean, and standard 
deviation to characterise respondents' background information, correlation analysis to explore 
relationships between variables, and regression analysis to evaluate the impact of predictors on 
the outcome variable.  

The study results indicated a considerable beneficial influence of learners’ AI perception on 
academic achievement, suggesting that a good learner impression of artificial intelligence use 
enhances academic success. Similarly, a favourable and substantial impact of AI motivation on 
academic performance was identified, indicating that an encouraging perspective of learners 
towards adopting artificial intelligence improves their educational outcomes.  

The results of this study may benefit academic institutions, policymakers, and other 
stakeholders in tailoring teaching and learning methods to provide appropriate learning platforms 
in the contemporary day. Further Research in the future might be conducted in a variety of 

https://dx.doi.org/10.4314/dasjr.v10i6.3
https://damaacademia.com/index.php/dasjr
https://orcid.org/0000-0002-1498-4480
https://orcid.org/0000-0002-1249-7005
https://orcid.org/0009-0002-7952-1097
https://orcid.org/0009-0007-4840-5823
mailto:prem.budhathoki@mahmc.tu.edu.np


 

34 

 

DASJR 2025, Volume 10, Issue 06, Page 33-46 

Open Access Articles Distributed in terms of the  

Creative Commons Attribution License [CC BY 4.0]  
Scientific Journal Impact Factor (SJIF): 6.316 

Copyright © JPPS Assessment AJOL 

ISSN: 2343–6743 

DOI: https://dx.doi.org/10.4314/dasjr.v10i6.3       

Web: https://damaacademia.com/index.php/dasjr  

geographical areas, to include more aspects that influence academic achievement and artificial 
intelligence. 
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1.0 INTRODUCTION 

Artificial intelligence (AI) in the contemporary period represents an innovative breakthrough in 

technology, aiding educational institutions and learners while disseminating essential 

information and innovation globally.  Consequently, AI significantly enhances education via 

innovative learning that promotes tailored instruction, resulting in improved academic 

achievement.  The emergence of this technology signifies enhanced learning through knowledge 

exploration (Li et al., 2024). Moreover, the use of AI encompasses several fields, including 

educational sectors, that extend personalised learning and enhanced educational possibilities 

for university students (Zhang & Fenton, 2024). Interestingly, an evaluation system for the 

academic areas is shifting to match the developing scenarios and practices of modern education 

(Masters et al., 2025). Moreover, AI can create suitable learning materials and develop an 

educational environment (Al-Zahrani & Alasmari, 2024). Additionally, enhanced student 

performance necessitates the inclusion of advanced AI technology into the learning process (Sun 

& Zhou, 2024).  

 Next, academic performance is a critical dimension of the educational sector that 

demonstrates the success of entire institutions and achievement of higher educational goals, 

fundamentally assessed through test scores, grades of students, and accomplishment of 

academic requirements, as depicted by academic performance terminology (Liem, 2019). 

Furthermore, academic performance reveals the relevance of performance and the usage of AI to 

increase it, influencing career success (Mappadang et al., 2022). Similarly, AI is advantageous 

for educators and learners, providing advantages for customised and tailored learning and 

resources (Seo et al., 2021). Particularly, artificial intelligence enhances traditional assessment 

methods by facilitating continuous performance review, providing rapid feedback to learners, 

and identifying areas for development, hence demonstrating the need for AI integration (Al-

Zahrani, 2024).  

 Additionally, Students' perceptions of accepting artificial intelligence in academic settings 

are complex, including both curiosity and anxiety.  Fundamentally, learners accept AI, thinking 

it is a beneficial technology (Frechette, 2024). The evidence indicates that 92 per cent of students 

in the UK pursuing higher education accept AI, recognising the benefits it provides in explaining, 

drawing conclusions, and developing unique concepts for learners (HEPI, 2025). Moreover, 

managing and explaining sensory sources of information in order to get an understanding of the 

world is the process known as perception (Goldstein & Brockmole, 2009; Lama & Hamal, 2022). 

Thus, the sensory organs are responsible for identifying and explaining the surrounding 

environment, which helps students build a knowledge of how perception is connected to 

perception (Chucks et al.,  2015). This technique is influenced by several components, including 

prior experiences, cultural background, and other aspects that shape perception. Such 

perception, when aligned with AI adoption, positively impacts academic achievement (Gibson, 

1986).  
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Further, learner motivation encompasses the many inner and extrinsic factors that 

inspire, enhance, and sustain learners' engagement in academic pursuits (Ryan & Deci, 2020). 

This encompasses the motivation, engagement, and goals that drive students to participate in 

and commit to academic learning (Schunk et al., 2021). In addition, motivation influences the 

learning attitude, route, and perseverance of learning, demonstrating a vital role in achieving 

educational success and human growth (Zusho et al., 2021). The use of artificial intelligence in 

fostering learning motivation substantially enhances educational achievement by influencing 

student engagement and adopting suitable learning mechanisms (Lei et al., 2024). To establish 

a standard for educational performance, a variety of motivating elements, including both external 

and internal drive, are essential.  Additionally, students' interest in implementing artificial 

intelligence is piqued by internal motivating factors, which in turn encourage them to value the 

outcomes of their academic efforts. External motivating factors also encourage students to 

achieve academic performance continuously and sustainably. 

(Wu et al., 2022).  

 A massive study in the area of AI related to the academic sector has been completed.  

However, there is a study deficit in evaluating learners' perceptions of AI and the relationship 

between motivation and educational success. Therefore, this study intends to evaluate the 

impact of learners' perceptions of AI adoption and motivation on academic achievement in the 

Nepalese environment, since past research has lacked significant experiments.  Furthermore, 

insufficient studies have been undertaken, and further studies are needed to investigate the 

elements influencing academic achievement. Thus, this study investigates the following research 

questions: Is there a link between learners' perceptions of adopting AI and academic 

performance?  Does learners' ambition to use AI help them do better academically?  Is there an 

effect of AI adopting perception and motivation on academic performance? Further, to answer 

these research inquiries, this study has established research objectives:  To evaluate the 

correlation between learners' perceptions of adopting AI and their academic achievement and to 

investigate the correlation between learners' motivation for embracing AI and their academic 

success.  To investigate how learners' perceptions and motivations influence the adoption of 

artificial intelligence and its impact on academic achievement. 

 

2.0 MATERIALS AND METHODS 

2.1 AI Perception of Learner and Academic Performance   

Learners' perspective encompasses their feelings and interpretations of many aspects of 

experiences acquired throughout the educational and learning process, which facilitates the 

development of effective communication, curiosity, and autonomy (Ferheen Bukhari & Basaffar, 

2019). Moreover, exchanging knowledge and several emotions linked with learners are major 

drivers of how their curiosity motivates them to embrace artificial intelligence and improve their 

academic achievement (Kumaravadivelu, 2006; Naresh & Reddy, 2015). Further, the perception 

of the learner encompasses their experience with comprehension and the explanation of 

academic emotions.   

As a result, learners' perceptions have a significant impact on learning concepts and 

student engagement.  Previous research found a strong correlation between learners' perceptions 

of assessment methodologies and learning attitudes, as well as their stimulation (Gijbels & 

Dochy, 2006). Moreover, the academic accomplishment of students is favorably impacted by their 

impression of AI and the learning environment fostered inside academic institutions (Lizzio et 

al., 2002).  

Similarly, further studies demonstrated a beneficial impact of artificial perception on 

academic achievement among university students (Shahzad et al., 2024). Additionally, students 

and mentors have a favourable opinion of AI, which enhances academic success by enabling 

personalised learning experiences (Ai-Badi et al., 2022). Additional studies indicated that 

students engaged in self-exploratory learning using technology-based platforms, along with a 

favourable view, had a positive correlation with their academic achievement (Lacuesta, 2024). 

Exciting research has demonstrated that exploring AI adoption in perception can stimulate 

https://dx.doi.org/10.4314/dasjr.v10i6.3
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academic performance, as artificial intelligence platforms offer opportunities for comfortable 

learning in inquiry and evaluation procedures, ultimately leading to improved academic 

performance (Zia et al., 2024).  

 

2.2 Learners’ AI Motivation and Academic Performance  

Learners' AI motivation is a combination of internal and external variables that drive the 

artificial intelligence decision-making system and the ambition to learn.  Thus, motivation for AI 

is enhanced by a positive attitude toward AI adoption (Oudeyer et al., 2007).  The prior study 

results indicated a key function of artificial intelligence motivation among university students 

(Yurt & Kasarci, 2024). Several of the investigations illustrated a challenging environment in 

which AI adopts motivation (Sukirno & Bagdauletov, 2024).  

Moreover, AI motivation has been demonstrated to promote academic achievement via 

beneficial learning (Leonardo et al., 2024). Another finding of a prior study demonstrated that 

intrinsic motivation related to artificial intelligence improves performance (Lin et al., 2021). The 

incentive provided by artificial intelligence enhances the study and information acquisition 

experiences, fostering positive cognition among students and enhancing their engagement with 

AI use (Sun & Zhou, 2024).  

Moreover, the positive emotional aspect of AI enhances learning mechanisms, hence 

improving academic performance and yielding superior results.  Consequently, AI-driven 

learning, characterised by enhanced motivation, fosters more student engagement and provides 

an enjoyable educational environment, resulting in superior academic achievement (Baillifard et 

al., 2024). More evidence highlighted that a greater degree of motivation employing artificial 

intelligence promotes tailored learning behaviour, bringing improvement in academic 

achievement and extending adaptive assistance to students (Lito & Mallillin, 2024; Zakaria et 

al., 2024).  

Compelling evidence has emerged indicating that students using artificial intelligence, 

particularly those enrolled in physics courses, are achieving commendable results in their 

academic endeavours (Beltozar-Clemente & Diaz-Vega, 2024). Artificial intelligence enhances 

student motivation, ultimately resulting in improved academic outcomes (Gao et al., 2024).  

 

2.3 Academic Performance  

Academic performance includes quantifiable results of learners within an educational 

setting, evaluated by standardised scores, grades, completion trends, and other assessment 

indicators (Richardson et al., 2012). Moreover, academic success is a multifaceted construct 

influenced by several variables, extending beyond cognitive dimensions to include motivational 

and social elements (Bernal-Morales et al., 2018). Grades evaluate academic achievement but 

might benefit from including qualitative aspects (Ariza et al., 2020). This educational 

performance is impacted by individual beliefs and perceptions, including motivation linked with 

intended achievement (Theobald, 2021). Therefore, the elements influencing academic 

achievement include emotional and cognitive preferences, as well as individual and collective 

learning patterns.  Following a study of prior material, the following hypotheses have been 

established: 

 

H1: There is a positive and significant influence of learners’ AI perception on academic 

performance 

H2: There is a positive and significant influence of AI motivation on academic performance 

 

2.4 Research Framework 

 The research framework provides a basis for the study, offering guidelines and 

demonstrating the coherence of research topics, methodology, and perspectives.  This framework 

illustrates the current literature and assumptions and delineates the trajectory for the study 

https://dx.doi.org/10.4314/dasjr.v10i6.3
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(Maxwell, 2013). Thus, this study used learners' perceptions and artificial intelligence motivation 

as independent factors, with the academic achievement of learners as the dependent variable. 

Independent Variable       Dependent Variable  

 

 

 

 

 

 

 

 

 

 

Figure 1.  Research framework 

 

Source: (Caratiquit & Caratiquit,  2023; Mallillin, 2024) 
 

Figure 1 shows a research framework that figuratively represents the independent, 

dependent, and other study factors.  These frameworks give structure and assistance for 

conducting good research investigations.  As a result, learners' perceptions and AI motivation 

are independent factors, with learners' academic success as the dependent variable.  According 

to the research framework, the study aimed to investigate the impact of combining artificial 

intelligence (AI) with perception and motivation on student academic achievement. 

 

3.0 METHODOLOGY  

3.1 Research Approach  

The research aimed to evaluate the impact of artificial intelligence, namely AI perception 

and motivation, on the academic performance of undergraduate students in Kathmandu, Nepal.  

To attain the research aims and address the study's issue, this survey used a descriptive and 

causal-relational research design.  Furthermore, the descriptive study method was used to 

represent the broad background information of respondents, exposing the total information of 

participants (Bradshaw et al., 2017). Additionally, Causal-relational research designs are 

essential for investigating the causal relationship between predictor and response variables 

(Brewer & Kubn, 2010).    

 

3.2 The Study Population and Sample 

The study's population is the total number of things or persons from whom a sample may 

be selected.  The study's population consisted of undergraduate students in Kathmandu, Nepal, 

pursuing BBA programs.  A total of 319 structured questionnaires were delivered to the intended 

respondents, with the researcher receiving 182 (57.05 per cent) usable survey questionnaires.  

To acquire primary data, the research used convenience sampling.  This research gathered cross-

sectional data for analysis.   

 

3.4 The Study Tool 

Survey design was employed through the administration of questionnaires to identify the 

specific characteristics of participants, which was deemed an effective method for collecting data 

relevant to the research topic.  A questionnaire was used as the tool for data collection.  The 

questionnaire was categorised into three primary sections: a cover letter, basic background 

information, and a structured questionnaire for gathering respondents' opinions.  The cover letter 

section was included to clarify the study's objective.  The fundamental backdrop included the 

inquiries used to gather personal information, including age, gender, and other demographic 

details.  The research questions aimed to gather information pertinent to the study issue.  A self-

Artificial Intelligence (AI) 

Academic Performance of 

Learners 

Learners’ AI Perception 

AI Motivation  
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administered structured questionnaire including multiple-choice questions, single-choice 

questions, and a Likert scale (ranging from strongly disagree to agree strongly) was devised.  The 

features of the Likert scale were modified linguistically from previous research.  The instrument 

we devised is both trustworthy and valid since it centres on questions that are directly linked 

and pertinent to the study's subject. 

 

3.5 Statistical Treatment Methods 

The survey used a descriptive and causal-relational research methodology to investigate 

the research questions and evaluate the study's hypothesis using JAMOVI 2.6.13 software.  The 

Cronbach's alpha coefficient was evaluated for each research variable to assess internal 

consistency in the reliability test.  This research used descriptive statistics, using frequency and 

percentage to delineate the demographic features of respondents.  This research produced a 

correlation matrix to evaluate the relationship between independent and dependent variables.  

The research used linear regression analysis to assess the influence of AI on students' academic 

achievement.  Additionally, both descriptive and inferential analyses were conducted for data 

examination. 

 

Table 1. Cronbach’s Alpha Test Results for Reliability 

 Variables Item Cronbach's α 

AI Perception 8 0.801 

AI Motivation 5 0.823 

Academic performance 6 0.808 

Overall 3 0.865 

Authors’ computation using JAMOVI 2.6.13 software 

Table 1 describes the influence of AI on education, which is made up of students' 

perceptions and motivations toward AI-based technologies, as well as the reliability assessment, 

especially the scale's Cronbach's alpha.  A high degree of internal consistency between the items 

in the measuring scale is indicated by a Cronbach's alpha of 0.865.  The "good reliability" range 

(usually between 0.8 and 0.9) is occupied by a rating of 0.865.  All variables and items maintained 

a Cronbach alpha value greater than 0.60, indicating the statements' internal consistency and 

stability. 

 

Table 2. Normality test 

Normality Test (Shapiro-Wilk) 

Statistic p 

0.996 0.894 

Authors’ computation using JAMOVI 2.6.13 software 

Table 2 displays the findings of the Shapiro-Wilk test performed on the research's data 

collection.  The Shapiro-Wilk test findings show that all of the p-values it generates are higher 

than 0.05, suggesting that the scores are distributed normally.  Given that the data's statistic 

(W) value of 0.996 is so close to 1, it reflects that the data is distributed normally.  The p-value 

for this W statistic is crucial, just as it is for any other Shapiro-Wilk test (Shapiro & Wilk, 1995).  

The null hypothesis cannot be rejected if the p-value exceeds the significance threshold, which 

is typically 0.05. This indicates that there is not enough evidence to conclude that the data 

substantially deviates from normalcy.  Therefore, the result's p-value of 0.894 indicates that the 

data is about regularly distributed. 

 

The Model Specification 

https://dx.doi.org/10.4314/dasjr.v10i6.3
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The study's estimated model assumes that several AI-related factors affect students' 

academic achievement.  Students' perceptions and motivations about AI also affect their 
academic success.  Therefore, the following is the study's model: 

 

AP = α + β1LAIPR + β2 AIM + ei………………… (1)  

 

Where,  

AP = Academic Performance 
LAIPR = Learners’ Artificial Intelligence Perception 

AIM = Artificial Intelligence Motivation 

Ei = Error Term  

 

4.0 RESULTS AND DISCUSSIONS 

4.1 Descriptive Statistics 

Table 3. Demographic Information of the Participants 

Variables Classification Frequency Percentage 

Gender Male 89 48.9 

Female 93 51.1 

Total 182 100 

Age group Below 20 89 48.9 

21-30 91 50.0 

Above 31 2 1.1 

Total 182 100 

Educational level Bachelor 182 100 

Total 182 100 

AI Experience  

 

None 9 4.9 

Not much 118 64.8 

Enough 55 30.2 

Total 182 100 

Authors’ computation using JAMOVI 2.6.13 software 

 

Table 3 illustrates that the survey had 182 respondents, of whom 89 (48.90 per cent) 

were male and 93 (51.10 per cent) were female.  The analysis of replies reveals a gender 

distribution, with females being the majority of respondents at 51.10 per cent, while men account 

for 48.90 per cent.  Likewise, the majority of responders were aged between 21 and 30, at 91 (50 
per cent), while those under 20 years of age accounted for 48.9 per cent in total.  The age group 

over 31 included the fewest participants, accounting for 1.10 per cent of those surveyed.  All 

participants, in terms of educational attainment, were from a bachelor's level (182, 100 per cent).  

A total of 118 (64.8 per cent) of individuals reported experiencing an uncommon event.  

Individuals who indicated sufficient experience constitute 55 (30.2 per cent) overall.  The 

experience of the least responders was 9 (4.9 per cent) overall.  
 

4.2 Correlation Analysis 
The coefficients of correlation between the independent factors and the dependent 

variables of the students who responded to the survey in Kathmandu are reflected in the 

correlation analysis.  The perceptions and learning motivations of students about artificial 
intelligence are independent factors.  Specifically, the academic performance of the pupils is the 

dependent variable. 

 

Table 4. Correlation Analysis 

 Variables Mean SD LAIPR AIM AP 

LAIPR 3.57 0.685 1.000   

AIM 3.50 0.679 0.678*** 1.000  

AP 3.40 0.606 0.704*** 0.673*** 1.000 

Authors’ computation using JAMOVI 2.6.13 software 

https://dx.doi.org/10.4314/dasjr.v10i6.3
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Note. * p < .05, ** p < .01, *** p < .001  

 (LAIPR = Learners’ artificial intelligence perception, AIM = Artificial intelligence motivation, 

and AP = Academic performance) 

  

 Table 4 elucidates the correlation between perception, motivation, and academic success 

in undergraduate students.  The mean ratings for perception (3.57), motivation (3.50), and 

academic success (3.40) show that students often evaluate these elements favorably on a scale. 

At the same time, the standard deviations (between 0.606 and 0.685) reflect a modest degree of 
variability in answers.  The correlation matrix indicates robust positive associations among all 

three variables.  The correlation between students' impression of AI and their motivation toward 

AI is significant (r = 0.678), as is the correlation with academic achievement (r = 0.704).  

 This suggests that students with a favourable perspective are more inclined to be 

motivated and achieve superior academic results.  Motivation is significantly correlated with 

academic achievement (r = 0.673), indicating that motivated students often get superior 
academic results.  These correlations are statistically significant, indicating that the links are 

substantive and not attributable to random chance.  This underscores the need to cultivate 

favourable impressions and a desire to improve students' academic achievement. 

 

4.3 Regression Analysis 

Regression analysis determines the impact of an independent variable on a dependent 

variable.  Regression analysis determines the effect of an independent variable on a dependent 
variable.  This research used regression analysis to ascertain the impact of students' AI 

perceptions and learning motivation on their academic achievement.  The factors influencing 

students' academic success include their perceptions and drive to study AI. 

Table 5: Regression Analysis 

Regression Estimate SE t p VIF 

LAIPR 0.823 0.1716 4.80 <.001  

LAIPR 0.406 0.0593 6.85 <.001 1.85 

AIM 0.323 0.0597 5.41 <.001 1.85 

 Authors’ computation using JAMOVI 2.6.13 software 

(LAIPR = Learners’ artificial intelligence perception, AIM = Artificial intelligence motivation, 

and AP = Academic performance) 

 
This regression study investigates the impact of Perception and Motivation on the 

dependent variable.  The intercept of 0.823 indicates the baseline value of the result when both 

predictors are zero, accompanied by an accurate estimate (SE = 0.1716) and robust significance 

(t = 4.80, p < 0.001).  The coefficient for Perception (0.406) indicates that a one-unit increase 

results in a 0.406 increase in the outcome, with Motivation held constant.  This impact is exact 
(SE = 0.0593) and statistically significant (t = 6.85, p < 0.001).  A VIF of 1.85 indicates there is 

no case of multicollinearity.  Likewise, Motivation has a positive influence, shown by a coefficient 

of 0.323, indicating that a one-unit increase elevates the result by 0.323, provided that 

Perception stays unchanged.  The effect is precise (SE = 0.0597) and very significant (t = 5.41, p 

< 0.001), accompanied by a low VIF (1.85). 

Perception and Motivation are both substantial and independent predictors of the 
dependent variable, namely, students' academic success.  Moreover, their low VIF values suggest 

that the predictors do not exhibit multicollinearity in explaining variance, hence enhancing the 

model's robustness.  The elevated t-values and reduced p-values indicate that both correlations 

are markedly significant and improbable to arise by coincidence.  The model indicates that 

improving Perception and Motivation may significantly and favourably impact students' 
academic performance, with Perception exerting a somewhat greater influence than Motivation. 

The regression model is presented below:  

 

AP = 0.823 + 0.406LAIPR + 0.323AIM + ei………………… (2)  
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4.4 Hypothesis Test 

Table 6 presents the hypothesis test of the research.  The research tested three 

hypotheses on the links between various characteristics of artificial intelligence (AI) tools and 

student academic performance, specifically examining how students' perceptions and learning 

motivation towards AI-based tools influence academic outcomes.  The findings for each 

hypothesis indicated a significant association, demonstrating that the study yielded sufficient 
statistical evidence to accept the research hypotheses.  The methodologies used for hypothesis 

testing were correlation and regression analysis.  Correlation analysis assesses the magnitude 

and orientation of the link between variables (e.g., perception and academic achievement).  

Regression analysis evaluates the predictive connection, demonstrating the extent to which one 

variable (such as perception or motivation) may elucidate or forecast differences in another 

(academic achievement).  Consequently, our data indicate robust, statistically significant 

correlations between AI technologies and several facets of students' academic achievement. 

Table 6: Summary of Hypothesis Test 

Hypothesis Results 

H1: There is a positive and significant influence of learners’ AI perception on 
academic performance 

Accepted 

H2: There is a positive and significant influence of AI motivation on academic 
performance 

Accepted 

 

4.5 Discussion 

The comprehensive investigation delved deeply into the myriad factors improving the 

academic performance of the youth, specifically focusing on students who were using Artificial 

Intelligence for different purposes, with an emphasis on variables related to Artificial Intelligence 

(AI). The purpose of the study was to assess academic achievement by taking into account several 

different characteristics.  According to the research results, there is a positive and considerable 

effect that learners' perceptions of artificial intelligence have on their academic achievement.   

This discovery is consistent with the findings of research that was conducted in the past 

(Fazil et al., 2024). The findings of prior research show that there is a strong connection between 

the perceptions of learners in relation to the methods of assessment and approaches to learning, 

as well as their stimulation (Gijbels & Dochy, 2006). Moreover, both the students' perceptions of 

their own willingness to embrace artificial intelligence (AI) and the learning environment that is 

fostered in educational institutions have a favourable impact on the academic performance of 

pupils (Lizzio et al., 2002).  

Similarly, in terms of academic achievement, the research outcomes demonstrated that 

artificial intelligence (AI) motivation has a positive and substantial influence.  The conclusion is 

consistent with the findings of research that was conducted in the past (Altememy et al., 2023; 

Caratiquit & Caratiquit, 2023). Findings from prior studies have shown that artificial intelligence 

perception with motivation has a significant effect on the students attending universities (Yurt 

& Kasarci, 2024). Additional evidence shows that a better level of motivation via the use of 

artificial intelligence facilitates the development of individualised learning behaviours, which in 

turn leads to an increase in academic performance and provides students with opportunities for 

adaptive assistance (Lito & Mallillin, 2024; Zakaria et al., 2024). 

 

5.0 CONCLUSIONS  

The purpose of this research was to investigate the impact that artificial intelligence 

perception and artificial motivation have on academic achievement.  In order to verify the 

established hypotheses of the study, the researchers utilized statistical methods such as the 

Shapiro-Wilk test, Cronbach's alpha, frequency, percentage, correlation, and regression. These 

methods were utilized in order to address the research questions and accomplish the purpose of 

the study, which was to evaluate the nature of the relationship between students' perceptions 

and motivations regarding artificial intelligence and students' academic performance. 
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Specifically, the outcomes of the research demonstrated that students' perceptions of artificial 

intelligence (AI) had a favorable and substantial impact on their academic performance.  Support 

for the hypothesis (H1) is provided by the findings of the investigation.  As a result, it can be 

stated that the use of AI technologies has a remarkable influence on the academic performance 

of learners.  In light of the findings of the investigation, hypothesis (H2) is being supported.  

Students' perceptions of artificial intelligence (AI) have been shown to have a favorable and 

substantial influence on students' academic achievement, as well.  Therefore, it can be inferred 

that students' academic performance is significantly impacted in a good way by their learning 

motivation with regard to artificial intelligence (AI).  For the most part, it has been determined 

that the perceptions of students, as well as their learning motivations and their use of artificial 

intelligence (AI)-based technologies, have a favorable and substantial association with the 

academic achievement of students. 

In summary, The results indicated that artificial intelligence had a good correlation with 

pupils' academic achievement.  The use of Artificial Intelligence in educational environments has 

shown considerable promise to improve students' academic achievement.  In conclusion, tackling 

the difficulties related to AI may benefit academic learners, and other fields, eventually enhancing 

results, especially in preparing students for an increasingly digital landscape.  This study's 

findings will serve as a resource for educators, educational institutions, and governmental 

entities, promoting the use of AI-based technologies in teaching and learning processes.  

Nonetheless, the study is not without drawbacks.  The study was conducted largely utilizing 

cross-sectional data, using a limited number of variables, and a small sample size derived from 

non-probability sampling, namely convenience sampling, with restricted inferential analysis 

focused mostly on a quantitative approach.  Future studies may occur in several situations, 

including other significant aspects that affect students' academic achievement. 

 

Author Contribution  

Conceptualization: P.B.L., P.B.B., S.J.: methodology: P.B.L., P.B.B., S.J; project 

administration: P.B.L., P.B.B., S.R.G., S.J; software: P.B.L., P.B.B., S.J; validation: P.B.L., 

P.B.B., S.R.G., S.J.; formal analysis: P.B.L., P.B.B., S.R.G., S.J; investigation: P.B.L., P.B.B., 

S.R.G., S.J ; resources: P.B.L., P.B.B., S.J.; data curation: P.B.L., P.B.B. ; writing-original draft 

preparation: P.B.L., P.B.B.,  S.J.; writing-review and editing: P.B.L., P.B.B., S.R.G., S.J., 

visualization: P.B.L., P.B.B.; supervision: P.B.B.; funding acquisition: P.B.L., P.B.B., S.R.G:- 

 

Conflict of Interest: The author declares no conflicts of interest.  

 

Data Availability Statement: Not applicable.  

 

Informed Consent Statement: Informed consent was obtained from all individual participants 

included in the study.  

 

REFERENCES  
1. Al-Badi, A., Khan, A., & Eid-Alotaibi. (2022). Perceptions of learners and instructors 

towards artificial intelligence in personalized learning. Procedia Computer Science, 201, 445–451. 

https://doi.org/10.1016/j.procs.2022.03.058 

2. Altememy, H. A., Neamah, N. R., Mazhair, R., Naser, N. S., Fahad, A. A., Abdulghffar 

al-sammarraie, N., ... & Al-Muttar, M. Y. O. (2023). AI tools' impact on student performance: 

Focusing on student motivation & engagement in Iraq. Przestrzeń Społeczna (Social Space), 23(2), 

143-165. Link: https://socialspacejournal.eu/menu-script/index.php/ssj/article/view/217 

https://dx.doi.org/10.4314/dasjr.v10i6.3
https://damaacademia.com/index.php/dasjr
https://doi.org/10.1016/j.procs.2022.03.058
https://socialspacejournal.eu/menu-script/index.php/ssj/article/view/217


 

43 

 

DASJR 2025, Volume 10, Issue 06, Page 33-46 

Open Access Articles Distributed in terms of the  

Creative Commons Attribution License [CC BY 4.0]  
Scientific Journal Impact Factor (SJIF): 6.316 

Copyright © JPPS Assessment AJOL 

ISSN: 2343–6743 

DOI: https://dx.doi.org/10.4314/dasjr.v10i6.3       

Web: https://damaacademia.com/index.php/dasjr  

3. Al-Zahrani, A. M. (2024). Unveiling the shadows: Beyond the hype of AI in education. 

Heliyon, 10(9), e30696. https://doi.org/10.1016/j.heliyon.2024.e30696 

4. Al-Zahrani, A. M., & Alasmari, T. M. (2024). Exploring the impact of artificial 

intelligence on higher education: The dynamics of ethical, social, and educational implications. 

Humanities and Social Sciences Communications, 11(1). https://doi.org/10.1057/s41599-024-

03432-4 

5. Ariza, C. P., Rueda Toncel, L. Á., & Sardoth Blanchar, J. (2020). Asociación de metas 

y motivaciones académicas en relación con la variable sexo. Revista Boletín Redipe, 9(12), 286–

293. https://doi.org/10.36260/rbr.v9i12.1155 

6. Baillifard, A., Gabella, M., Lavenex, P. B., & Martarelli, C. S. (2024). Effective learning 

with a personal AI tutor: A case study. Education and Information Technologies, 30(1), 297–312. 

https://doi.org/10.1007/s10639-024-12888-5 

7. Beltozar-Clemente, S., & Díaz-Vega, E. (2024). Physics XP: Integration of ChatGPT 

and gamification to improve academic performance and motivation in physics 1 course. 

International Journal of Engineering Pedagogy (IJEP), 14(6), 82–92. 

https://doi.org/10.3991/ijep.v14i6.47127 

8. Bernal-Morales, B., Balderas-Vazquez, C. L., & Rodríguez-Landa, J. F. (2018). 

Introductory Chapter: Writing about health and academic achievement. Health and Academic 

Achievement. https://doi.org/10.5772/intechopen.80421 

9. Brewer, E., & Kubn, J. (2010). Causal-comparative design. In incyclopedia of research 

design (Vol. 0, pp. 125-131). SAGE Publications, Inc., https://doi.org/10.4135/9781412961288 

10. Caratiquit, K. D., & Caratiquit, L. J. C. (2023). ChatGPT as an academic support tool 

on the academic performance among students: The mediating role of learning motivation. Journal 

of Social, Humanity, and Education, 4(1), 21–33. https://doi.org/10.35912/jshe.v4i1.1558 

11. Chuks, E. E., Olaoluwa, S. A., & Benedicta, N. A. (2015). Perpetration and perceived 

spatial patterns of violent behaviours among university undergraduates in South-East Nigeria. 

Journal of Public Health and Epidemiology, 7(3), 76–90. https://doi.org/10.5897/jphe2014.0685 

12. Fazil, A. W., Hakimi, M., Shahidzay, A. K., & Hasas, A. (2024). Exploring the broad 

impact of AI technologies on student engagement and academic performance in university 

settings in Afghanistan. RIGGS: Journal of Artificial Intelligence and Digital Business, 2(2), 56– 

63. https://doi.org/10.31004/riggs.v2i2.268 

13. Ferheen Bukhari, S. S., & Mahmoud Basaffar, F. (2019). EFL Learners’ Perception 

about Integrating Blended Learning in ELT. Arab World English Journal, 5, 190–205. 

https://doi.org/10.24093/awej/call5.14 

14. Frechette, S. R. (2024). Assessing student perceptions of artificial intelligence within 

the community college system. Issues in Information Systems, 25(2), 113-125. 

https://doi.org/10.48009/2_iis_2024_109 

15. Gao, J., & Wang, D. (2024). Quantifying the use and potential benefits of artificial 

intelligence in scientific research. Nature Human Behaviour, 8(12), 2281–2292. 

https://doi.org/10.1038/s41562-024-02020-5 

16. Gibson, J. J. (2013). The ecological approach to visual perception. Psychology Press. 

https://doi.org/10.4324/9780203767764 

17. Gijbels, D., & Dochy, F. (2006). Students' assessment preferences and approaches to 

learning: Can formative assessment make a difference? Educational Studies, 32(4), 399–409. 

https://doi.org/10.1080/03055690600850354 

18. Goldstein, E. B., & Brockmole, J. R. (2002). Sensation and perception (Vol. 90). Pacific 

Grove, CA, USA.: Wadsworth-Thomson Learning. Link: 

https://miemagazine.com/sample/Science/SC301-400/SC837/sample-

Sensation%20and%20Perception%2011th%2011E%20Bruce%20Goldstein%20Laura%20Cacci

amani.pdf 

19. Higher Education Policy Institute. (2025). UK universities warned to 'stress-test' 

assessments as 92% of students use AI. The Guardian. 

https://dx.doi.org/10.4314/dasjr.v10i6.3
https://damaacademia.com/index.php/dasjr
https://doi.org/10.1016/j.heliyon.2024.e30696
https://doi.org/10.1057/s41599-024-03432-4
https://doi.org/10.1057/s41599-024-03432-4
https://doi.org/10.36260/rbr.v9i12.1155
https://doi.org/10.1007/s10639-024-12888-5
https://doi.org/10.3991/ijep.v14i6.47127
https://doi.org/10.5772/intechopen.80421
https://doi.org/10.4135/9781412961288
https://doi.org/10.35912/jshe.v4i1.1558
https://doi.org/10.5897/jphe2014.0685
https://doi.org/10.31004/riggs.v2i2.268
https://doi.org/10.24093/awej/call5.14
https://doi.org/10.48009/2_iis_2024_109
https://doi.org/10.1038/s41562-024-02020-5
https://doi.org/10.4324/9780203767764
https://doi.org/10.1080/03055690600850354
https://miemagazine.com/sample/Science/SC301-400/SC837/sample-Sensation%20and%20Perception%2011th%2011E%20Bruce%20Goldstein%20Laura%20Cacciamani.pdf
https://miemagazine.com/sample/Science/SC301-400/SC837/sample-Sensation%20and%20Perception%2011th%2011E%20Bruce%20Goldstein%20Laura%20Cacciamani.pdf
https://miemagazine.com/sample/Science/SC301-400/SC837/sample-Sensation%20and%20Perception%2011th%2011E%20Bruce%20Goldstein%20Laura%20Cacciamani.pdf


 

44 

 

DASJR 2025, Volume 10, Issue 06, Page 33-46 

Open Access Articles Distributed in terms of the  

Creative Commons Attribution License [CC BY 4.0]  
Scientific Journal Impact Factor (SJIF): 6.316 

Copyright © JPPS Assessment AJOL 

ISSN: 2343–6743 

DOI: https://dx.doi.org/10.4314/dasjr.v10i6.3       

Web: https://damaacademia.com/index.php/dasjr  

https://www.theguardian.com/education/2025/feb/26/uk-universities-warned-to-stress-test-

assessments-as-92-of-students-use-ai 

20. Kumaravadivelu, B. (2006). Learner perception of learning tasks. ITL - International 

Journal of Applied Linguistics, 152, 127–149. Portico. 

https://doi.org/10.2143/itl.152.0.2017866 

21. Lacuesta Cabling, A. J. (2024). Technology-aided instruction as perceived by 

indigenous learners and their academic performance: bases for implementing enhanced 

technology-based teaching instruction. International Journal of Education Humanities and Social 

Science, 07(01), 200–225. https://doi.org/10.54922/ijehss.2024.0649 

22. Lama, P. B., & Hamal, J. B. (2022). Undergraduate students’ awareness, usage and 

attitude towards digital library in Kathmandu . Interdisciplinary Journal of Management and 

Social Sciences, 3(2), 68–77. https://doi.org/10.3126/ijmss.v3i2.50263 

23. Lei, H., Chen, C., & Luo, L. (2024). The examination of the relationship between 

learning motivation and learning effectiveness: a mediation model of learning engagement. 

Humanities and Social Sciences Communications, 11(1). https://doi.org/10.1057/s41599-024-

02666-6 

24. Leonardo Alberto Mauris De la Ossa, Nury N. Garzón, Celmira Pérez Pulido, Blanca 

E. García Herrán, & Jorge H. Hoyos. (2024). Evaluation of artificial intelligence as a source of 

motivation in the teaching of chemistry: A study with tenth grade students at the adventist school 

of ibagué. Evolutionary Studies In Imaginative Culture, 2193–2208. 

https://doi.org/10.70082/esiculture.vi.1721 

25. Li, W., Shi, H. Y., Chen, X. L., Lan, J. Z., Rehman, A. U., Ge, M. W., Chen, H. L. 

(2024). Application of artificial intelligence in medical education: A meta-ethnographic 

synthesis. Medical Teacher, 1–14. https://doi.org/10.1080/0142159X.2024.2418936 

26. Liem, G. A. D. (2019). Academic performance and assessment. Educational 

Psychology, 39(6), 705–708. https://doi.org/10.1080/01443410.2019.1625522 

27. Lin, P.-Y., Chai, C.-S., Jong, M. S.-Y., Dai, Y., Guo, Y., & Qin, J. (2021). Modeling the 

structural relationship among primary students’ motivation to learn artificial intelligence. 

Computers and education: Artificial Intelligence, 2, 100006. 

https://doi.org/10.1016/j.caeai.2020.100006 

28. Lito D. & Mallillin, L. (2024). Teaching of english in the higher education institutions 

(HEIs): A tool and challenges for teaching pedagogy. Universal Library of Innovative Research and 

Studies, 01(02), 09–17. https://doi.org/10.70315/uloap.ulirs.2024.0102002 

29. Lizzio, A., Wilson, K., & Simons, R. (2002). University students' perceptions of the 

learning environment and academic outcomes: Implications for theory and practice. Studies in 

Higher Education, 27(1), 27–52. https://doi.org/10.1080/03075070120099359 

30. Mallillin, L. L. D. (2024). Artificial intelligence (AI) towards students’ academic 
performance. Innovare Journal of Education, 16–21. 
https://doi.org/10.22159/ijoe.2024v12i4.51665 

31. Mappadang, A., Khusaini, K., Sinaga, M., & Elizabeth, E. (2022). Academic interest 

determines the academic performance of undergraduate accounting students: Multinomial logit 

evidence. Cogent Business & Management, 9(1). 

https://doi.org/10.1080/23311975.2022.2101326 

32. Masters, K., MacNeil, H., Benjamin, J., Carver, T., Nemethy, K., Valanci-Aroesty, S., 

… Thesen, T. (2025). Artificial Intelligence in Health Professions Education assessment: AMEE 

guide No. 178. Medical Teacher, 1–15. https://doi.org/10.1080/0142159X.2024.2445037 

33. Maxwell, J. A. (2022). Interactive approaches to qualitative research design. The SAGE 

Handbook of Qualitative Research Design, 41–54. https://doi.org/10.4135/9781529770278.n4 

34. Naresh, B., & Reddy, D. B. S. (2015). An exploratory study on learner’s perception 

towards e-learning courses. Mediterranean Journal of Social Sciences. 

https://doi.org/10.5901/mjss.2015.v6n5p562 

https://dx.doi.org/10.4314/dasjr.v10i6.3
https://damaacademia.com/index.php/dasjr
https://www.theguardian.com/education/2025/feb/26/uk-universities-warned-to-stress-test-assessments-as-92-of-students-use-ai
https://www.theguardian.com/education/2025/feb/26/uk-universities-warned-to-stress-test-assessments-as-92-of-students-use-ai
https://doi.org/10.2143/itl.152.0.2017866
https://doi.org/10.54922/ijehss.2024.0649
https://doi.org/10.3126/ijmss.v3i2.50263
https://doi.org/10.1057/s41599-024-02666-6
https://doi.org/10.1057/s41599-024-02666-6
https://doi.org/10.70082/esiculture.vi.1721
https://doi.org/10.1080/0142159X.2024.2418936
https://doi.org/10.1080/01443410.2019.1625522
https://doi.org/10.1016/j.caeai.2020.100006
https://doi.org/10.70315/uloap.ulirs.2024.0102002
https://doi.org/10.1080/03075070120099359
https://doi.org/10.22159/ijoe.2024v12i4.51665
https://doi.org/10.1080/23311975.2022.2101326
https://doi.org/10.1080/0142159X.2024.2445037
https://doi.org/10.4135/9781529770278.n4
https://doi.org/10.5901/mjss.2015.v6n5p562


 

45 

 

DASJR 2025, Volume 10, Issue 06, Page 33-46 

Open Access Articles Distributed in terms of the  

Creative Commons Attribution License [CC BY 4.0]  
Scientific Journal Impact Factor (SJIF): 6.316 

Copyright © JPPS Assessment AJOL 

ISSN: 2343–6743 

DOI: https://dx.doi.org/10.4314/dasjr.v10i6.3       

Web: https://damaacademia.com/index.php/dasjr  

35. Oudeyer, P.-Y., Kaplan, F., & Hafner, V. V. (2007). Intrinsic motivation systems for 

autonomous mental development. IEEE Transactions on Evolutionary Computation, 11(2), 265–

286. https://doi.org/10.1109/TEVC.2006.890271 

36. Richardson, M., Abraham, C., & Bond, R. (2012). Psychological correlates of 

university students’ academic performance: A systematic review and meta-analysis. Educational 

Psychology Review, 24(4), 473–493. https://doi.org/10.1007/s10648-012-9206-y 

37. Ryan, R. M., & Deci, E. L. (2020). Intrinsic and extrinsic motivation from a self-

determination theory perspective: Definitions, theory, practices, and future directions. 

Contemporary Educational Psychology, 61, 101860. 

https://doi.org/10.1016/j.cedpsych.2020.101860 

38. Schunk, D. H., Pintrich, P. R., & Meece, J. L. (2021). Motivation in education: Theory, 

research, and applications. Educational Psychology Review, 33, 1–25. 

https://doi.org/10.1007/s10648-021-09595-6 

39. Seo, K., Tang, J., Roll, I., Fels, S., & Yoon, D. (2021). The impact of artificial 

intelligence on learner–instructor interaction in online learning. International Journal of 

Educational Technology in Higher Education, 18(1). https://doi.org/10.1186/s41239-021-

00292-9 

40. Shahzad, M. F., Xu, S., Lim, W. M., Yang, X., & Khan, Q. R. (2024). Artificial 

intelligence and social media on academic performance and mental well-being: Student 

perceptions of positive impact in the age of smart learning. Heliyon, 10(8), e29523. 

https://doi.org/10.1016/j.heliyon.2024.e29523 

41. Shapiro, S. S., & Wilk, M. B. (1965). An analysis of variance test for normality 

(complete samples). Biometrika, 52(3–4), 591–611. https://doi.org/10.1093/biomet/52.3-4.591 

42. Sukirno, & Bagdauletov, Zh. (2024). Artificial intelligence as enhancement instrument 

for office employee’s motivation. Statistika, Učet i Audit, 2(93), 5–15. 

https://doi.org/10.51579/1563-2415.2024.-2.01 

43. Sun, L., & Zhou, L. (2024). Does generative artificial intelligence improve the academic 

achievement of college students? A meta-analysis. Journal of Educational Computing Research, 

62(7), 1896-1933. https://doi.org/10.1177/07356331241277937 

44. Theobald, M. (2021). Self-regulated learning training programs enhance university 

students’ academic performance, self-regulated learning strategies, and motivation: A meta-

analysis. Contemporary Educational Psychology, 66, 101976. 

https://doi.org/10.1016/j.cedpsych.2021.101976 

45. Wu, J., Zhong, Y., & Qi, S. (2022). Intrinsic motivation, need for cognition, grit, growth 

mindset and academic achievement in High School students: Latent Profiles and Its Predictive 

Effects. https://doi.org/10.31234/osf.io/mheg7 

46. Yurt, E. & Kasarci, I. (2024). A Questionnaire of Artificial Intelligence Use Motives: A 

contribution to investigating the connection between AI and motivation. International Journal of 

Technology in Education (IJTE), 7(2), 308-325. https://doi.org/10.46328/ijte.725 

47. Zakaria, N. Y. K., & Hashim, H. (2024). Shaping the future of education: 

Conceptualising pre-service teachers’ perspectives on artificial intelligence (AI) integration. 

International Journal of Academic Research in Business and Social Sciences, 14(5). 

https://doi.org/10.6007/ijarbss/v14-i5/21584 

48. Zhang, J., & Fenton, S. H. (2024). Preparing healthcare education for an AI-

augmented future. NPJ Health Systems, 1(1). https://doi.org/10.1038/s44401-024-00006-z 

49. Zia, M. A., Gul, H., & Janjua, I. M. (2024). Unveiling perspectives: Exploring student 

perception on artificial intelligence in academics in Rawalpindi, Pakistan. Contemporary Issues 

in Social Sciences and Management Practices, 3(2), 26–38. 

https://doi.org/10.61503/cissmp.v3i2.161 

50. Zusho, A., Karabenick, S. A., Bonney, C. R., & Sims, B. D. (2021). Postsecondary 

adult learner motivation: A goal theory perspective. Adult Learning, 32(1), 11–19. 

https://doi.org/10.1177/1045159520988361 

https://dx.doi.org/10.4314/dasjr.v10i6.3
https://damaacademia.com/index.php/dasjr
https://doi.org/10.1109/TEVC.2006.890271
https://doi.org/10.1007/s10648-012-9206-y
https://doi.org/10.1016/j.cedpsych.2020.101860
https://doi.org/10.1007/s10648-021-09595-6
https://doi.org/10.1186/s41239-021-00292-9
https://doi.org/10.1186/s41239-021-00292-9
https://doi.org/10.1016/j.heliyon.2024.e29523
https://doi.org/10.51579/1563-2415.2024.-2.01
https://doi.org/10.1177/07356331241277937
https://doi.org/10.1016/j.cedpsych.2021.101976
https://doi.org/10.31234/osf.io/mheg7
https://doi.org/10.46328/ijte.725
https://doi.org/10.6007/ijarbss/v14-i5/21584
https://doi.org/10.1038/s44401-024-00006-z
https://doi.org/10.61503/cissmp.v3i2.161
https://doi.org/10.1177/1045159520988361


 

46 

 

DASJR 2025, Volume 10, Issue 06, Page 33-46 

Open Access Articles Distributed in terms of the  

Creative Commons Attribution License [CC BY 4.0]  
Scientific Journal Impact Factor (SJIF): 6.316 

Copyright © JPPS Assessment AJOL 

ISSN: 2343–6743 

DOI: https://dx.doi.org/10.4314/dasjr.v10i6.3       

Web: https://damaacademia.com/index.php/dasjr  

 

 
 

 

 

 

 

 

https://dx.doi.org/10.4314/dasjr.v10i6.3
https://damaacademia.com/index.php/dasjr

